Abstract. The purpose of the study was to find out whether the conceptual connection of emotion and motion is holding in the domain of personality traits. In a quantitative study 40 Estonian terms of personality traits were investigated and a conclusion was driven that, indeed, the qualities of emotionality and motion are perceived as co-present characteristics. In further data analysis some visualized measures were applied in order to get further insights into the hidden structure of the data. The self-organizing map (SOM) analysis revealed an additional dimension of axiological evaluations present in the semantics and the SOM meta-analysis technique revealed groups of near synonymous words as well as gave overview of the more general structure common in the two data sets. The latter was tentatively explained by the person's habitual level of activation.*
Introduction
We consider the vocabulary of personality traits as a potential meeting point of emotion and motion in the human conceptual representation of other peoples' behaviour. It has been claimed that conceptual knowledge influences our experience of other people (Feldman Barrett 2006: 28) . The general idea is that our knowledge of people and situations automatically and effortlessly shapes what we "see" people doing and gives rise to our explanations for that behaviour. One aspect of such conventional knowledge is the idea that a person's emotion and physical mobility are somehow linked. Several observations back up our assumption that those three phenomenamotion, emotions and personality traits -could be conceptually linked. doi:10.5128/ERYa6.21 First, there is a conceptual connection between emotions and motion. Both psychologists and some cognitive linguists share an agreement that emotions are linked to a tendency of motion either towards or away from something (see Gibbs 2006: 243 and his references) . 1 Motion as a more embodied and experience related cognitive domain serves as a source to conceptualize emotional phenomena metaphorically. There are such conceptual metaphors mentioned in the literature as A CAUSED CHANGE OF STATE (EMOTION) IS MOTION CAUSED BY A FORCE; CONTROL OVER AN EMO-TIONAL ACT IS CONTROL OVER MOTION; EMOTIONAL RESPONSES ARE OTHER-PROPELLED MOTIONS (Kövecses 2000: 58-59) .
Second, there is a connection between tendencies to move and certain personality traits. Motivational psychology differentiates between two important motivation styles which it formulates directly as motion tendencies -a tendency to approach the goal and a tendency to avoid (withdraw from) the anti-goal (Carver et al. 2000) . Both emotional disposition and motivation are identified as significant components of the structure of personality (Nõlvak, Valk 2003) .
Third, there is an area of intersection between vocabularies of personality traits and emotions. Studies into psychology and linguistics alike have shown that concerning the content, vocabularies describing personal qualities and emotions are partly overlapping (Plutchik 1980 , Szelid, Geeraerts 2008 , Vainik, Orav 2005 .
Our research question is whether the conceptual interrelatedness of motion and emotion also holds in the domain of personality traits. Our intuition is that it does -i.e. we set a hypothesis that emotions and motion are co-present in the conceptualizations of personality traits. We have already approached this research question in a previous qualitative study that enabled to find out the main ways in which the domain of physical motion is exploited in order to conceptualize emotionrelated aspects of character terms (Vainik, Orav 2009 ). In that previous study we applied the framework of cognitive metaphor theory (Lakoff, Johnson 1980 , 1999 and systematic detection of basic embodied image-schemas (Johnson 1987 , Peña Cervel 2003 . However, this previous analysis was based mostly on the linguist's insights into the lexicon and its underlying mechanisms and did not say much about the co-presence of emotionality and mobility in the character terms for an ordinary speaker of Estonian.
Our theoretical framework of concepts is based on the Peter Gärdenfors' (2000) theory of conceptual spaces which distinguishes three non-competing levels of representations. In this model the most abstract level is the symbolic level on which an observation is described by means of some symbol system (e.g., language). The second level is the conceptual level on which observations are located as points or an area in the conceptual space. The least abstract level is the sub-conceptual level on which the observations are characterized by inputs from sensory receptors which form the quality dimensions of the conceptual space. The quality dimensions thus form a (perceptual) basis for conceptual representation which in turn can be communicated by means of the respective linguistic units.
When applied to the field of personality traits, this would mean that on the most abstract level we have terms of personality traits, on the conceptual level we have concepts of personality traits and on the sub-conceptual level we have discrete (e.g., perceptual) qualities of personality. While asking people to assess some qualities of a person characterized by a specific term we are using an access on the most abstract level (a term of personality trait). At the same time we are addressing the perceptual qualities of the assessed person (the subconceptual level). As a result the intermediate, conceptual level of representation is revealed which would otherwise not be accessible as such. While a personality trait term evokes co-presence of some qualities (e.g., emotionality and mobility) in the inquiry addressed to the subconceptual perception it would most probably also mean the co-presence of those qualities on the conceptual level i.e. their co-conceptualization.
In addition, the theory offers a geometrical model of assessing concept similarity based on spatial relations. As Gärdenfors (2000) has suggested, there is an analogy between the conceptual spaces and the self-organizing map (Kohonen 2000) . During the self-organizing process the points in high-dimensional space are mapped onto a two-dimensional output map that can be identified as a conceptual space. The self-organizing map is one way of modeling how the geometric structure of concepts can be created.
In the present study we focus on detection whether the two qualities of personality -emotionality and mobility -are truly perceived and conceptualized as co-present in the case of character traits' terms. In order to do so we used character terms as verbal stimuli and gathered assessments of emotionality and mobility given by laypersons. We subjected the quantitative data to statistical analysis and in the next phase of the study we applied the methods of data reduction, which give the results in the form of visual layouts. Both traditional statistical analysis and visualized measures taken together revealed that, indeed, the qualities of emotionality and motion are perceived as co-present characteristics. The visualized measures gave some further insights into the data, too. The self-organizing map (SOM) analysis revealed an additional dimension of axiological evaluations present in the semantics and the SOM meta-analysis technique revealed groups of nearly synonymous words as well as gave an overview of the more general structure common in the two sets of data. The latter was tentatively explained by the person's habitual level of activation.
Materials and procedures

Selection of the terms
The initial data pool of linguistic expressions for our analysis was gathered by Orav (2006) using the field method of tasks of free listing (Corbett, Davies 1997) . In a multiple-test series, the participants (N = 100; age 14-90; the number of men and women was balanced) had to list words in Estonian that describe a person's internal characteristics.
2 A total number of about 1270 words were elicited (Orav 2006 ). The next step was to select the terms which to address to in a quantitative study. The number of the verbal stimuli could not exceed 50 because the purpose was to use ordinary speakers of Estonian on a voluntary basis and they had to fill in two independent questionnaires. Therefore the number of terms under investigation was limited to 40 and in addition 10 controls were selected.
As the next step, two of the authors (Heili Orav and Ene Vainik) assessed the total list of words independently, relying on their intuition and introspection. 3 Although the evaluation criteria were left open deliberately, the result was a great concurrency in terms of words associated with motion tendencies (87%). Even though the total number of words making reference to emotions was nearly twice as high, there was less concurrence in the independent assessments (70%). While selecting the terms both researchers had mutually independently used two criteria as a basis for introspect decisions: a) the meaning of the word as a whole suggested motion or emotion (e.g., kiire 'fast', emotsionaalne 'emotional'), or b) the word or phrase was clearly derived from some certain motion verb (e.g. heitlik 'fickle, lit. throw+ADJ') or emotion term, (e.g. rõõmsameelne 'joyful, lit. joySG+GEN+mind+ADJ').
For further testing we selected those character terms that both authors had independently assessed as motion-related and at least one of the authors had assessed as emotion-related. The controls were selected so that both authors agreed that 5 of them had to do only with motion tendencies (sportlik 'sporty', kiire 'fast', laisk 'lazy', virk 'diligent', edasipüüdlik 'ambitious, lit. forward+pursue+ADJ') and 5 of them only with emotions with no reference to motion whatsoever (kade 'envious', õel 'mean', rõõmsameelne 'joyous', tundlik 'sensitive', närviline 'nervous').
The experiment
The data was gathered in April 2008 during two weeks via electronic media (by means of e-formular http://www.eformular.com). The experiment consisted of two questionnaires directly addressing the two qualities under investigation (see Appendix 1). The questionnaires had to be completed in serial order-at first the questionnaire about emotionality and next about mobility. There was one question that occurred in both questionnaires: "To what extent is a person characterised as X (a specific character term) also emotional/mobile?" The questions were followed by the 50 words (40 + 10). At the end of both questinnaires there was a place to fill in the data about the age and gender.
Every word was evaluated twice by every person on a 5 point Likert-scale (very little, somewhat, fairly, above average, very much emotional/mobile). A possi bility was also left open to skip a word in the case the person would think that the given quality (emotionality/mobility) had nothing to do with the specific presented character term. This possibility was used very little and unsystematically.
Participants
The inquiry was carried out by electronic media and it was out of our reach to direct the selection of participants in terms of age, gender or educational background. The appeal to fill in those two questionnaires was spread out in the Internet through a network of family members and friends and their contacts. Apparently, it was filled in by persons who were cooperative enough and happened to have time. It took approximately 45 minutes altogether to fill in both questionnaires.
The eventual number of participants was N = 161 (F = 142, M = 19), age averaged at 32,8 (SD = 12,0).
Handling of the data
The verbal assessments on Likert-scale were transformed into numerical values ranging down from 5 (very much) to 1 (very little). It was carefully detected whether the rows of the two tables matched the persons (relying on the data about age and gender and computer address given by e-formular).
In the following analysis the data was first analyzed statistically to find out the average levels and standard deviations of emotionality and mobility ratings associated with our stimulus terms. In order to detect systematic intercorrelations between ratings of emotionality and mobility the analysis of bivariate correlations was carried out (two-tailed T-test). As the next step the visual methods of dataanalysis were applied in order to find out some further structure possibly hidden in the distribution of the numeric data.
Self-organizing maps
The self-organizing map (SOM) (Kohonen 2000 ) is a widely used method to visualize multidimensional data. The SOM can be used to project multidimensional data into in a two-dimensional map while preserving proximity relationships as well as possible. The data items located close to each other in multidimensional space will appear as nearby units in a two-dimensional map.
The learning algorithm of the SOM has a few basic steps which are reiterated a number of times. Prior to learning the output map is initialized randomly. Thereafter one random input unit is chosen and compared with all output nodes on the map to find the closest unit on the output grid. Next, this best match or winning node and its neighborhood are changed to become closer to the input unit, using the following equation:
During the learning process the learning rate and the neighbourhood function shrinks. As a result of this process the output becomes ordered and all the output vectors are valued so that the total distance from the input vectors is minimized.
The distance between each pair of map units is represented on a topological map called the Unified Distance Matrix (U-matrix) by their location and also with colour coding. A bright shade corresponds to a small distance between two map units and a dark shade represents a bigger difference between the map units. The points on the output map that lie in the light area belong to the same group or cluster, while the dark area shows the borders between the clusters.
Method of comparing the self-organising maps
As the SOM represents data on a two-dimensional topological map another question arises: how to measure similarity of two or more maps describing similar data? This study proposes a methodology of SOM meta-analysis (Kirt, Vainik, Võhandu 2007 ) that uses the local neighbourhood as the basis to measure the similarity between maps. The method expects the neighbourhood relations to remain stable even when the overall orientation of the map changes. The proposed methodology to measure similarity between the self-organizing maps consists of two main stages.
First, to analyze general organization the resulting map is visually examined and clusters and their borders are identified, in addition the general orientation and locations of data items are also identified. Thereafter the matrix of neighbourhood relations is formed. Neighbourhood assessment is based on the location of the best matching units (BMU -a point on the map that is the closest to the input data vector) on the self-organizing map. Two data items are neighbours if they are marked to locate on the same node or in the neighbouring nodes depending on the neighbourhood range. The second part of the similarity measurement consists of establishing how much the two neighbouring matrixes are identical to what is a maximum isomorphic subset. Here we can perform a new meta-level analysis and reorder and visualize the isomorphic sub-graph to see commonly shared information between two maps. For output the Graphviz 4 software has been used. The next stage of similarity analysis is the calculation and assessment of similarity coefficients. The similarity measurements coefficients have typically values between 0 and 1. Value 1 indicates that the two objects are completely similar and value 0 indicates that the objects are not similar at all. Two similarity coefficientsSimple Matching Coefficient (SMC) and Jaccard Coefficient (J) (see Tan 
Results
The results in terms of mean values, standard deviations and correlations between evaluations given to the same word in the two tasks are given in Appendix 2. Observations of the mean values of assessed emotionality and mobility showed that there was covariation in the rates: one part of the terms rated high on both emotionality and mobility and the other part rather low on both. There were no terms rating high on one scale and low on the other. The highest ratings of both emotionality and mobility were given to terms hüperaktiivne 'hyperactive', pidurdamatu 'rampant', pöörane 'frenetic' and the lower ratings on both qualities to apaatne 'apathetic', flegmaatiline 'phlegmatic', loid 'listless', passiivne 'passive', tagasihoidlik 'modest', uimane 'sluggish'. There are, of course, variations in the levels of emotionality and mobility co-present in the meanings of the words. For example in the meanings of aktiivne 'active', elav 'lively', energiline 'energetic', püsimatu 'restless', reibas 'cheery', the rate of mobility prevailed while in the case of ründav 'offensive', temperamentne 'spirited', äkiline 'quick-tempered', the aspect of emotionality prevailed.
The two-tailed T-test showed that for 45% of the words there were significant positive correlations (0,46 > r > 0,3; p < 0,0001) between the given rates of emotionality and mobility, on 32% of the words there were a little less significant and weaker positive correlations (0,27 > r > 0,18; p < 0,001) and in 23% of the cases there was still significant (p < 0,05) positive correlation 0,17 > r > 0,09.
A conclusion can be drawn that in the case of studied 40 Estonian terms both emotionality and mobility were either present or non-present in their meanings in a correlated way. One can say that these two characteristics were co-conceptualized. Thus, the results of the statistic analysis are in accordance with our intuition that mobility and emotionality are perceived and conceptualized as co-present human qualities in the meanings of Estonian character terms.
As an addition to the test-words 10 terms of personality trait were added to the questionnaires as controls that were supposed to have to do only with one of the two characteristics. Surprisingly, the control words shared the similar pattern of significant positive correlations (see Appendix 3). Only in case of two of the controls tundlik 'sensitive' and rõõmsameelne 'joyous' the correlations were too weak r < 0,06 and nonsignificant. There are two explanations: a) the selection of control words failed; b) in the case of any term of personality trait it is possible to assess the presence or absence of both emotionality and mobility as compared to some default norm of these qualities. We assume that both characteristics have to do with the person's habitual level of activation. A person with the habitual level of activation lower than the "norm" is characterized by terms implying low emotionality and low mobility, a person with habitual activation level higher than the "norm" is characterized by terms implying both high emotionality and mobility.
The traditional statistical analysis revealed the significant positive correlation between emotionality and mobility on 90% of the cases. The strength of correlations did not exceed 0,45, though, remaining just moderate on most of the cases. In connection with those observations some further questions arise. Is the moderate positive correlation all about the measurable interrelations of emotion and motion in the understanding of personality traits? How are the terms of personality traits similar or dissimilar in their ability to reflect both the person's emotionality and mobility? Is there possibly some kind of hidden structure in the data-matrix that does not show up in the traditional statistical analysis? In an attempt to answer those questions we turned to some of the visual measures of data analysis.
The SOM-s of emotionality and mobility
The next step of our study was to subject the data of assessed emotionality and mobility to the process of self-organization. The respective topological layouts are presented on Figure 1 and Figure 2 . 5 We used the SOM Toolbox (Alhoniemi et al. 2005) for projecting the abstract and numeric properties of data items into a visible and comprehensible code of their relative spatial locations and colour. There are two principles to keep in mind while interpreting the results: closeness of the map units and a brighter shade of colour on the map also means similarity of data items.
The very first glance at the Figures tells that they are similar in respect of their extended layouts in one dimension. This is of no surprise because both questionnaires measured the level of just one quality, emotionality or mobility, respectively. The concepts which rated higher on those qualities tend to "shrink" to the bottom of the graph and concepts where those qualities were low have "risen" to the uppermost parts of the graphs. However, the overall shape of the graphs is not purely scalar, apparently due to the significant variations of the individual assessments. The rationale of the emergent horizontal dimension remains a question of further interpretation, though. A possibility has been pointed out by Krzeszowski (1997) that the dimension of axiological evaluations is showing up. Interestingly, the location of positive vs. negative concepts is reversed on both graphs and such a distinction is detectable only in the bottom part of the graphs where the emotionality and mobility ratings were the highest. The terms of personality traits referring to very low emotionality and/or mobility are valued negatively, anyway. Another thing to look at on the maps is the local neighbourhood relations of concepts. Similar data items are located close to each other and different data items are located apart. This principle enables the clusters of concepts to emerge. In both maps there are small clusters in the uppermost left corner that are separated by relatively darker shade of the colour. These are the concepts where the measured qualities occurred at a very low level (apathetic, listless, passive, sluggish, submissive, modest) . On Figure 2 there is another darker border of clusters noticeable in the middle section of the graph. It can be concluded that in the case of the rated mobility the terms of character traits tend to gather into three clusters: very low mobility, intermediate level or normative level of mobility and a cluster of high mobility (in the bottom). In the case of emotionality ratings the concepts are divided into two: a cluster of very low or missing emotionality and a cluster where the level of emotionality gradually decreases from the very high level to intermediate or normative levels. The third thing to look at on the maps is the local neighbourhood relations of map units. The closer the visual neighbourhood the higher is the rate of similarity of the data. Concepts located in the same cell of the SOM-map are the most similar to each other (in respect of given emotionality and mobility ratings). In Tables 1 and  2 the coincident terms have been separated by cell borders. We can see groups of seemingly near-synonymous concepts on both maps which reveals that as regards to the levels of emotionality and mobility there are no very sharp distinctions made between those concepts. Distinctions are made between those concepts that are not neighbours and do not fall into the same cluster.
In order to answer the question how similar or dissimilar are the local neighbourhood relations on both maps the method of pure visual tackling may not suffice, though. In the next section we use a metaanalytical method of comparing two (or more) SOM maps that share the range of units but may differ in their numerical descriptions and therefore in the topological layouts and local neighbourhood relations describing their similarity.
Isomorphic subgraph of the SOM-s of emotionality and mobility
The aim of the meta-analysis of the SOM was mainly to systematically compare the neighbourhood relations present on both maps and identify similarities between two conceptual spaces. There are 1600 potential neighbourhood relations possible between the pairs of our 40 emotion terms. Only a part of the neighbourhood relations is realized on both maps.
To look for the isomorphic subgraph means to identify those neighbourhood relations that are present on both SOM-s. The neighbourhood matrixes of emotionality and mobility were compared and a matrix of common neighbours was found and visualized. The summary of the neighbourhood relations between the two tasks is given in Table 3 . The number of relations was measured with a different range of neighbourhood, starting from 1 to 2. An increase in the neighbourhood range also causes an increase in the number of relevant neighbourhood relations. The SMC coefficient is decreasing if the neighbourhood is increasing because the growing range increases the possibility of relations between the words that actually do not belong to the same neighbourhood. The SMC can be used as an indicator of stability. The SMC coefficient can also be used if the samples are exclusive like in the case of the lexical study. Jaccard Coefficient is increasing if the neighbourhood range is widening because it characterizes the positive matches and there is a tendency to have more positive matches if the number of neighbourhood relations increases. In both cases the number of positive matches remains rather low and therefore the value of coefficients is also low. In case the neighbourhood range is provisionally set on 1, several separate fragments of conceptual networks are formed (Figure 3) . The general structure of the data does not appear as a connected system. There are groups of near synonyms that share the estimated level of correlated emotionality and mobility. For example the group of low emotionality/mobility: loid 'listless', apaatne 'apathetic', passiivne 'passive', uimane 'sluggish', flegmaatiline 'phlegmatic', or the group with high level of correlated emotionality and mobility: pöörane 'frenetic', hüperaktiivne 'hyperactive', taltsutamatu 'tameless', pidurdamatu 'rampant'. There are also groups that share the intermediate level of correlated emotionality and mobility ratings. In addition, there are some concepts visible that are not connected to other concepts like püsimatu 'restless', stabiilne 'stable', temperamentne 'spirited', hõljuja 'mooncalf' etc. These polymorphic units show up in different neighbourhood surroundings on our two maps. When the measured neighbourhood range is set on 2, the graph becomes connected (Figure 4 ). An increase in the neighbourhood range also causes an increase in the number of relevant neighbourhood relations. Therefore the graph is not the best means for studying the particular range of neighbours for any single concept. What it is good for is the general overview of the common structure hidden in the two sets of data. It can be speculated that it represents the common structure or a backbone of the data which in our case looks kind of symmetrical. There are at least two almost exclusive groups of data visible on the left side and the right side that had the weakest neighbourhood relations. These are the subgroups of low and high emotionality/ mobility accordingly and only the concept järeleandmatu 'intransigent' is situated in the middle having the least to do with both of the groups. In the section of the results of the traditional statistical analysis we hypothesised about the person's habitual level of activation as a more general property that can cause the levels of emotionality and mobility to covariate. The diagonal dimension of the graph on Figure 4 represents such a more general dimension. Interestingly enough, the term järeleandmatu 'intransingent' represents the intermediate or normative level of activation. It is also visible on the graph that the subgroup of high activation is more differentiated than the group of low activation. The terms in the upper part of the high activation subgroup highlight the person's physical behaviour (mobility) which is evaluated positively while the lower part the of the high activation subgroup highlights lack of emotional regulation skills which is mostly evaluated negatively. 
Summary and discussion
On the basis of the observations of other authors (Carver et al. 2000 , Gibbs 2006 , Kövecses 2000 , Plutchik 1980 ) as well as our own previous semantic study (Vainik, Orav 2009 ) we hypothesized that the categories of emotions and physical motion could be conceptually linked and that this connection could be detected in the semantics of the terms of personality. In order to find out whether this conceptual link means co-presence of emotionality and mobility for Estonian laypersons 40 stimulus terms were selected and two inquiries measuring these qualities were carried out.
As a result we had two sets of data measuring the conceptual co-presence of motion and emotion in the Estonian terms of personality. The traditional statistical analysis gave us the mean values and standard deviations of the given mobility and emotionality ratings; it allowed establishing the intercorrelations and their significance. It occurred that both emotionality and mobility were either present or non-present in the meanings of 40 words in a correlated way. The two-tailed T-test showed significant but rather weak positive correlations between ratings of emotionality and mobility. Our main hypothesis was thus proven -emotionality and mobility occurred as positively correlated throughout almost the whole range of stimulus terms according to the opinions of the Estonian laypersons. None of the correlations was strong, though.
As the traditional statistical analysis was unable to reveal any hidden patterns possibly inherent in the data, the two data sets were further visualized by the method of the Self-Organizing Maps. The SOM-s show kind of extended layouts with the clusters of words of high/low emotionality and mobility respectively. In addition, a dimension of axiological evaluation is recognizable as the horizontal dimension of the layouts. Presence of those dimensions reminds two of the Osgood's three universal factors of activity, potency and evaluation that are claimed to measure the semantic space universally (Osgood, Suci, Tannenbaum 1975) . Some other researchers of personality traits (in English) have also ended up in a two-dimensional solution of activation-evaluation circumplex (Plutchik 1980) . As regards to the emerging dimension of evaluation it is interesting to pay attention to Orav's (2006) indication that the Estonian personality vocabulary always includes either positive or negative evaluation. The same tendency has been pointed out by Vainik (2004) in the case of emotion vocabulary. Thus, understanding and conceptualising other people's traits and emotions always brings along their approval or disapproval. The importance of implicit evaluation in concept formation has been stressed also by other authors (e.g., Zlatev 2001).
The visualizing techniques enabled to "translate" the abstract and numeric properties of data items into a visible and comprehensible code of their relative spatial locations and colour (SOM) or graphic connection (the meta-analytic tool). Visualization allows getting the first glimpse on the data quickly due to the pictorial superiority effect (Medina 2008 6 : 233). The limitations of visualization techniques are that sometimes some a priori knowledge is needed to understand what the visualized structure means and how to interpret the results. The most appropriate visualization technique that reveals the peculiarities of the data in the best pos sible way is not always predictable beforehand and some experimentation might be needed. It is interesting to note that other researchers of emotion and personality terms have used a method called correspondence analysis to get some visual clusters of the data units under investigation (Szelid, Geeraerts 2008) .
In order to compare the two topological layouts systematically we used a simi larity measurement technique that enabled us to analyze the two sets simultaneously. The meta-analysis of two SOM-maps showed 1) the clusters of nearlysynonymous words with the most correlated emotionality and mobility ratings, 2) the hidden common structure of the two sets of data. The latter supports our intuition about the person's habitual level of activation as the general property explaining the co-variation of mobility and emotionality. We assume that the structural elements which were found to be shared between our two SOM-s (Figure 3 and 4) have the greatest chance of belonging to the conceptual level of representation that is assumed to be on the intermediate position in the hierarchy of abstractness (Gärden fors 2000) .
The three levels of symbolic, conceptual and sub-conceptual representation of personality traits are compatible also with the levels proposed by some students of emotion knowledge (Niedentahl, Setterlund, Jones 1994) . The theorists of symbol grounding also claim that the particular symbol system is used to carry our conceptual knowledge and that it is grounded into the surrounding world through the sensory-motor interaction (Harnad 1990 ). Other authors, however, say that such grounding has some difficulties in representing abstract concepts (Barsalou 2008) and that sensory-motor and conceptual processing are based on same system (Barsalou 2003) . Therefore the conceptual knowledge is claimed to be embodied and mapped within a sensory-motor system (Gallese, Lakoff 2005) .
In the present experimental study into the Estonian layperson's intuitions we were able to detect to what extent the categories of emotionality and mobility are conceptually co-present in the meanings of a set of Estonian terms of personality traits. The finding of their positive correlation is fully in accordance with the insights of the cognitive psychologists (see Gibbs 2006: 243) as well as cognitive semanticsists (see Kövecses 2000: 58-59) . Understanding the conceptual components of character trait terms is important for the general theory of person perception. In a sense, person perception is the study of the theory of mind -how the categorization process allows people to attribute mental states to identify, explain, and predict behaviour (Feldman Barrett 2006: 28 
